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Problem Domain 

ÅMultidimensional data often consists of 
homogeneous groups of dimensions 
ïExamples from biology: 

replicates, time-series, comparison of strains 

ÅCommon task for multidimensional data 
ïCompare those groups 

ÅTraditional approach: 
ïFilter, cluster all,  

visualize with Heat Maps!  
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Clustering Inhomogeneous Data 

ÅThe Problem 

ïClustering all dimensions at 
once obscures relations in 
homogeneous groups 

ÅThe Solution 

ïDivide & conquer! 
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Comparing Clustering Algorithms 

ÅChoice of algorithm, parameters and distance 
measures are important 

ÅNo good quality metrics for clustering 
algorithms 

ïVisual assessment is best solution 

 

 



METHOD 
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Immediate Result 
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Connecting Records 
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Cluster-driven Edge Bundling 
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Using Bundling Points 
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Using Splines 



Alexander Lex 

Using Pipes 
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Overview 
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Details-on-Demand 



SCALABILITY AND IMPLEMENTATION 
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Scalability 

ÅMost sensitive to number of clusters 

ÅFor Overview 

ï20 clusters for < 2000 records 

ï10 clusters for < 3000 records 

Å6 groups of dimensions simultaneously 

Å100 or more dimensions  
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2000 Records, 10 Clusters 


